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methods, such as iterative soft thresholding (IST) [1], have gained
considerable popularity for reconstructing missing data points to create H f
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Figure 2. The optimization performed by NESTA-NMR minimizes the L1-norm (I /1) of
the spectrum while ensuring the product of the sampled data (R) and the desired

We have developed a program containing a suite of regularization
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i Figure 3. The reconstruction of a 4D HMQC-NOESY-HMQC spectrum demonstrates ©
test003.fid the differences between (A) L1, (B) IRL1, and (C) Gaussian-SLO regularization terms
e in NESTA-NMR. IRL1 is slightly better than L1 at preserving weak peaks, while
- | Gaussian-SLO is the best, albeit with some artifacts (see also Figure 4B-D).
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